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Fig. 3. Smoothed curves of  RMSE and cor relation coefficients between JAXA (or LPRM) and COSMOS data 
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τ: optical depth, Wc: vegetation water content, b: vegetation parameter, fc: fractional 

vegetation coverage, k: dielectric constant, u: incidence angle, ω: single scattering 
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albedo, NDVI: Normalized Difference Vegetation Index, MPDI : Microwave Polari-

zation Difference Index 
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